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Abstract—Generative artificial intelligence (GenAI) is 
changing the conditions under which academic writing is 
produced and, with them, some of the assumptions that have 
traditionally supported its assessment. This paper discusses 
the implications of GenAI for assessment, drawing on 
experience supervising and assessing undergraduate 
Project/Internship reports and Master’s dissertations in 
Computer Engineering. In recent years, particularly since 
GenAI tools became widely available, student reports have 
tended to become more polished, better structured, and more 
consistent in academic style. This observation does not 
establish that GenAI caused the change, nor does the quality 
of a report reveal whether or how AI was used. It does, 
however, raise an assessment question: how much can be 
inferred about a student’s independent understanding and 
competence from the formal quality of a finished text when 
sophisticated writing support is readily available? The paper 
discusses this question by distinguishing communication 
quality from evidence of learning and considers how 
assessment can draw on a broader set of evidence, including 
the development process, implementation artefacts, critical 
reflection, and oral defence. The purpose is not to reduce the 
value of academic writing, but to reconsider what can 
reasonably be inferred from the final written product when 
AI-assisted writing is increasingly accessible. 

Keywords—generative artificial intelligence; engineering 
education; academic writing; assessment; oral defence; 
evidence of learning. 

I. INTRODUCTION 
The arrival of widely accessible generative AI has 

changed academic writing remarkably quickly. In higher 
education, much of the first discussion understandably 
focused on authorship, plagiarism, and academic integrity. 
Those questions remain important, but they are not the 
only ones. There is another, more ordinary problem that 
becomes visible when one spends time reading and 
assessing student reports: the text itself has changed. 

From the author’s experience in supervising and 
assessing student work, this change has become 
particularly noticeable in undergraduate Project/Internship 
reports and Master’s dissertations in Computer 
Engineering. Before GenAI tools became commonplace, 
weaknesses in writing were often easy to see. Reports 
could contain grammatical and syntactic errors, repetitive 
vocabulary, abrupt transitions, poorly organised sections, 
or technically correct ideas that students struggled to 
express clearly. These weaknesses did not necessarily 
mean that the underlying engineering work was poor. 
Nevertheless, they formed part of the submitted work and 
therefore influenced supervision, assessment, and 
sometimes the oral examination. 

More recent reports often look different. The writing 
tends to be smoother, the structure more regular, and the 
vocabulary more sophisticated. This observation is not 
presented here as evidence of a causal relationship between 
GenAI use and writing quality. The paper is not based on a 
controlled longitudinal study, nor does a polished report 
indicate how much AI assistance was involved. The point 
is narrower and, for assessment, more important: the 
formal quality of a finished text has become much easier to 
improve with readily available tools. 

This raises a central question: when sophisticated 
writing support is readily available, what can the formal 
quality of a finished report reveal about the student’s 
knowledge and competences? This paper addresses that 
question from a teaching and assessment perspective, 
drawing on sustained experience in supervising and 
assessing undergraduate Project/Internship reports and 
Master’s dissertations in Computer Engineering. It 
identifies a distinction that has become increasingly 
important in the GenAI context: the distinction between 
the formal quality of academic writing and the evidence it 
provides of the student’s own understanding and 
competence. It then considers how assessment can draw on 
a broader range of evidence, with particular attention to the 
role of the oral defence. 

Against this background, the paper focuses on three 
aspects: the assessment problem that becomes more visible 
in the GenAI context; the distinction between the formal 
quality of academic writing and evidence of disciplinary 
understanding; and the value of combining different 
sources of evidence, including the oral defence. 

II. WHAT HAS CHANGED IN THE WRITTEN PRODUCT? 
The change is easiest to describe by considering the 

kinds of problems that used to require considerable 
attention during supervision. Language errors, limited 
vocabulary, difficulties in structuring technical discourse, 
and problems of clarity and coherence were common 
enough to be part of the normal work of helping students 
prepare a final report. In some cases, discussion during the 
defence also returned to these issues. 

Today, many of those visible weaknesses are less 
prominent. A student can use GenAI to reformulate a 
paragraph, improve transitions, suggest a more academic 
expression, correct grammar, reorganise material, or turn 
rough notes into fluent prose. Used carefully, these 
functions can be genuinely helpful. They may be 
especially valuable for students who understand their 
technical work but have difficulty expressing it clearly in 
academic English. 
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The educational benefit should not be dismissed. Clear 
writing matters in engineering. Graduates need to 
document systems, explain decisions, communicate with 
different audiences, and produce professional technical 
material. If GenAI helps a student communicate an idea 
more clearly, that can be useful. 

The difficulty begins when attention moves from the 
quality of the product to the interpretation of that quality. 
In the past, a well-organised explanation could reasonably 
contribute to an assessor’s judgement about the student’s 
ability to organise and communicate knowledge. That 
inference is now less straightforward. The final wording 
may represent the student’s own formulation, extensive 
AI-assisted revision, or something in between. In many 
cases, the document itself does not allow the assessor to 
know which. 

This is why the issue is not simply whether GenAI 
makes writing “better”. The more relevant question is 
whether the same features of the final report still carry the 
same evidential weight in assessment. 

III. THE ASSESSMENT PARADOX 
There is a paradox here. Better written reports are 

desirable. No teacher should wish for a return to unclear, 
poorly structured academic writing simply because it made 
individual authorship easier to infer. Yet a better text is not 
automatically better evidence of learning. 

Reports and dissertations may appear better written 
without students’ underlying knowledge and competences 
necessarily improving in the same proportion. This matters 
because written reports have often been asked to do several 
jobs at once. They communicate the work, document the 
process, demonstrate disciplinary knowledge, and provide 
evidence of skills such as analysis, synthesis, judgement, 
and critical thinking. 

Recent literature reaches a similar concern from 
different directions. UNESCO’s guidance discusses the 
longer-term implications of GenAI for education and the 
need for human-centred pedagogical responses [1]. In the 
assessment domain, the TEQSA expert guidance argues 
that GenAI has intensified existing assessment challenges 
and that assessment practices need to be reconsidered so 
that they can both manage risks and make constructive use 
of AI [2]. 

This does not make the written report irrelevant. It 
does, however, suggest the need for greater precision about 
what can reasonably be assessed through it. 

IV. TEXT QUALITY AND STUDENT COMPETENCE 
A useful way to make the problem concrete is to 

separate two dimensions that are often blended in marking. 

The first is the quality of the text: grammar and syntax, 
structure and organisation, vocabulary, fluency, and 
academic style. These remain legitimate assessment 
criteria where communication is a learning outcome. 

The second concerns the student’s knowledge and 
competences: whether the student understands the work, 
can justify technical decisions, can explain the 
implementation, can interpret results, recognises 
limitations, considers alternatives, and can respond 
critically when assumptions are challenged. These two 
dimensions should not be treated as equivalent. 

GenAI makes this distinction more important because 
it can support many of the visible features of the first 
dimension. It can improve a sentence without 
understanding the system being described. It can propose a 
coherent structure without having made the engineering 
decisions behind it. It can produce plausible explanations 
that the student may or may not be able to defend. 

This is not an argument for assuming that polished 
writing is AI-generated, nor for penalising students 
because their writing is good. Such an approach would be 
both unfair and pedagogically unhelpful. Rather, it is an 
argument for avoiding an overly strong inference from 
polished writing to independent competence. 

The practical implication is that assessors need 
additional opportunities to see the student thinking, 
deciding, explaining, and responding. 

V. WHY THE ORAL DEFENCE MATTERS MORE 
For Project/Internship reports and Master’s 

dissertations, the oral defence already provides such an 
opportunity. In an AI-mediated writing environment, its 
role becomes even more valuable. 

A defence allows the assessor to move beyond the 
wording of the report. The student can be asked why a 
particular architecture was selected, what alternatives were 
considered, how a component works, what caused an 
unexpected result, or what would be changed if the project 
were started again. Follow-up questions are particularly 
informative because they require the student to reason in 
real time rather than reproduce a prepared paragraph. 

This does not mean turning the defence into an 
interrogation about AI use. In fact, repeatedly asking 
whether a student used a particular tool may reveal less 
about learning than asking good technical questions. The 
aim is to establish understanding, judgement, and 
ownership of the work. 

The oral defence can therefore become a particularly 
valuable moment for assessing understanding: students can 
explain and justify technical decisions, discuss 
implementation and results, answer unexpected questions, 
reflect on limitations and alternatives, and demonstrate 
critical thinking and autonomy. 

There is growing support for this direction. Hartmann 
reports the use of oral examinations as a response to 
GenAI-related concerns and discusses practical issues such 
as student anxiety, fairness, and instructor time [3]. More 
recently, Dao and Hwang propose a streamlined interactive 
oral assessment model intended to make individual 
reasoning visible through spontaneous explanation and 
responses to prompts [4]. These approaches do not remove 
the practical challenges of oral assessment, but they show 
why it can provide evidence that a finished written product 
alone may not reveal. 

VI. FROM A SINGLE PRODUCT TO MULTIPLE SOURCES OF 
EVIDENCE 

Taken together, these observations suggest that too 
much evidential weight should not rest on one polished 
artefact. Rather than trying to determine, sentence by 
sentence, whether AI was involved, assessment can be 
strengthened by drawing on several sources of evidence. 

For engineering work, these sources are already 
available in many courses: intermediate versions, design 



 

choices, code or other implementation artefacts, 
demonstrations, testing decisions, project logs, supervision 
discussions, reflective commentary, and the oral defence. 
None of these is perfect on its own. Together, however, 
they provide a richer picture of what the student can do. 

A broader approach shifts attention from the written 
report as a single product towards evidence of learning 
drawn from the report, development process, 
implementation and artefacts, oral defence, and critical 
reflection. The important change is not the removal of 
writing from assessment, but a reduction in the amount of 
evidential work expected from the final text alone. 

Research on GenAI and assessment is increasingly 
moving in this direction. International survey evidence 
from three universities found that both educators and 
students perceived GenAI as affecting assessment, with 
educators showing a stronger preference for adapted 
assessments that assume AI use and emphasise critical 
thinking; the authors also argue for greater attention to the 
learning process, higher-order thinking, and authentic 
applications [5]. Foung, Lin, and Chen examined a 
redesigned writing assessment in which students used 
GenAI and other online tools and reflected on that use, 
illustrating an approach that makes tool choice and 
reflection part of the assessed learning process [6]. 

For engineering education, this approach is particularly 
appropriate. Engineering competence is demonstrated not 
only through description, but through decisions, 
implementation, testing, interpretation, and the ability to 
explain trade-offs. Assessment should make those 
activities visible. 

VII. IMPLICATIONS FOR ASSESSMENT PRACTICE 
For assessment practice, this leads to a few direct 

consequences. 

First, writing should continue to be assessed when 
written communication is part of the intended learning 
outcomes. GenAI does not remove the professional 
importance of clear technical communication. 

Second, criteria need to distinguish more clearly 
between communication quality and evidence of 
disciplinary understanding. If both matter, both should be 
assessed, but they should not be allowed to stand in for one 
another. 

Third, the process deserves greater visibility. Asking 
students to retain meaningful intermediate artefacts, 
explain important revisions, or discuss the evolution of a 
design can provide useful context without creating an 
excessive surveillance culture. 

Fourth, oral questioning should be aligned with the 
competences that the assessment is intended to verify. A 
few well-chosen questions about decisions, alternatives, 
implementation, limitations, and results can reveal more 
than a general request to “summarise the project”. 

Finally, the objective should not be to make assessment 
“AI-proof”. That goal is likely to become less realistic as 
tools become embedded in ordinary academic and 
professional work. A more sustainable objective is to 
design assessment in which appropriate tool use can 
coexist with credible evidence of individual learning. 

This position is consistent with recent work that frames 
the GenAI challenge as a question of assessment validity 

and design, rather than only one of academic misconduct 
[2], [7]. 

VIII. LIMITATIONS AND NEXT STEPS 
This paper should be read as a teaching reflection, not 

as an empirical study. Its observations come from 
accumulated experience of supervising and assessing 
student work; they were not collected through a predefined 
research protocol, systematic coding procedure, or dataset 
designed to compare cohorts before and after the 
widespread availability of GenAI. The paper therefore 
provides neither prevalence estimates of AI use nor 
evidence that GenAI caused the observed changes in 
writing quality. Other factors may also have contributed, 
including changes in student cohorts, supervision practices, 
institutional guidance, writing support, and students’ 
increasing familiarity with digital tools. 

A further limitation is that the discussion concerns a 
particular assessment context: undergraduate 
Project/Internship reports and Master’s dissertations in 
Computer Engineering. The balance between written 
product, process evidence, and oral examination will differ 
across disciplines and assessment formats. The 
considerations discussed here should therefore not be read 
as a universal assessment model. Future work could 
compare report characteristics across cohorts, document 
how students use GenAI during the writing process, and 
examine whether changes in written quality correspond to 
oral performance or other measures of technical 
understanding. It would also be useful to investigate 
students’ perceptions of fairness and transparency when 
greater weight is placed on process evidence and oral 
defence. 

The immediate point is practical rather than causal: one 
familiar assessment assumption deserves closer scrutiny. 
When sophisticated writing assistance is readily accessible, 
a polished final document should be interpreted with 
greater care. 

IX. CONCLUSION 
GenAI does not make academic writing unimportant. 

Clear technical communication remains a legitimate 
educational and professional outcome, and writing support 
can help students’ express ideas more effectively. 

The issue is narrower: formal writing quality should 
not be asked to provide more evidence than it can support. 
In assessment contexts where GenAI can substantially 
assist the production and revision of text, stronger 
judgements about individual understanding are better 
grounded in several sources of evidence than in the 
finished report alone. 

For Project/Internship reports and Master’s 
dissertations in Computer Engineering, this means 
retaining the report while giving appropriate weight to the 
development process, implementation artefacts, critical 
reflection, and meaningful oral questioning. This is not 
presented as a tested assessment model, but as a practice-
based direction that warrants systematic evaluation. 

The central argument can therefore be stated simply: 
“Better writing is welcome. Better evidence of learning is 
essential.” 
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